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Age , Geo_Unit , Description
- Quaternary, Qfi2, Low level piedment fan and vally terrace deposits
I Guaternary. Q1. High level piedmont fan and vally terrace deposits
Il Fiiocene, Pimb2, Ash flows and asscciated rocks (MARAGHEH FM.)
Y [ Piocene, Pimb1, Py and with fauna remains (MARAGHEH FM.}
: Il origocene-Miocene, OMdsv, Rhyolitic to rhyodacitic subvolcanic
g - Oligocene-Miocene, OMgl, Massive to thick - bedded reefal limestone
Y - Middle.Eocene, Eav, Andesitic volcanics
v - [Eocene, E2I, Nummulitic limestone
- [Eocene, Ea.bvt, Andesitic to basaltic volcanic tuff
- Eccene, Edav, Dacilic to Andesitic velcanic
- Eocene, Edi, Diorite
Mesozoic i Triassic-Jurassic, TRJs, Dark grey shale and sandstone ( SHEMSHAK FM. )
2 I Permian, Pr, Dark grey medium - bedded to massive limestone ( RUTEH LIMESTONE )
§ - Cambrian, COm, Dolomite platy and flaggy limestone containing trilobite ; sandstone and shale { MILA FM )
£ - Cambrian, Cl, Dark red meddium - grained arkosic to i and mi siltstone { LALUN FM )
PreCambrian, pCk, Dull green grey slaty shales with subordinate intercalation of quartzitic sandstone ( KAHAR FM ; Morad series and Kalmard Fm )
Prot i
rotere PreCambrian, pCbr, Dolomite and sandstone {Bayandour Fm)
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Abstract

Most of the country’s geographically area is located in dry and semi-dry zone with low rainfall. The growing population, the limitation of water
resources and the prevalence of groundwater resources in most parts of the country requirement to accurate prediction of the amount of these
resources due to the importance of these resources in optimal planning and management. In this research, in order to estimate the fluctuations
of groundwater level in the Baruq aquifer, the artificial intelligence models including fuzzy, support vector machine and neural network models
were used by the data of depth from 7 piezometers with long-term data of 14 years, as well as changes in temperature and precipitation in this
period. Despite the inherent abilities of each models in predicting groundwater level, the heterogeneity of the study area prevented the high
efficiency of these models. Therefore, SOM-AI modeling combined the self-organized maps (SOM) classification method and each model that
is increased the efficiency of each composite model in different parts of the aquifer by dividing the study area into homogeneous regions. The

results showed that the proposed method can be an effective method in the modeling of heterogeneous and even multi-layered aquifers.

Keywords: Baruq Aquifer, Groundwater Level, Neural Network, Support Vector Machine, Sageno Fuzzy
For Persian Version see pages 157 to 166

*Corresponding author: A. A. Nadiri; E-mail: Nadiri@tabrizu.ac.ir



	16-bagheri.pdf
	bagheri

